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PREFACE 


This book "Computational Intelligence" is to understand the various characteristics of Intelligent agents and 
their search strategies. It contributes an impression towards representing knowledge in solving Al 
problems, reasoning, natural language understand, computer vision, automatic programming and machine 
learning. It provides a preliminary study to design and implement the different ways of software agents for 
problem solving. 

Unit I: Introduction towards future of Artificial Intelligence and characteristics of Intelligent agents. Outline 
towards search strategies through Uninformed, Informed and Heuristics along with optimization problems. 
Summary about the typical expert system and its functional models. 

Unit li: Introduction to Proposition logic and First order predicate logic was demonstrated with straight 
forward and backtracking approach. Awareness towards the ontology and reasoning based on knowledge 
availability. Demonstrated the Unification, Forward and Backward chaining, Ontological Engineering and 
Events with Prolog programming. 

Unit III: Brief awareness on uncertainty, non-monotonic reasoning, fuzzy, temporal and neural networks. 

Unit IV: Contributes a knowledge on learning with understanding towards Bayesian network and Hidden 
Markov Models. An Illustration on Supervised learning, Decision Tree, Regression, Neural Networks, 
Support vector machines and Reinforcement learning were briefed in this section. 

Unit V: Provides a study over Natural Language Processing and Machine Learning. It provides illustration 
towards Information extraction, Information retrieval, Machine Translation, Symbol-Based an 


Connectionist. 
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